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Coreference Resolution with Context-depended Selectional Preference
Supervisor: Kentaro Inui

Coreference resolution is one of the important research tasks in natural language processing that analyzes
whether or not the phrase in a sentence refers to the same object. It was known that a semantic constraint between
words called “selective preferences” is a major clue for performing coreference resolution. In this research, we
propose a selectional preference model considering not only semantic classes of words themselves but also how
words are mentioned in sentences using with expressing words and relationships between words on a vector space.
We confirmed whether the proposed model acquired context-dependent selection preference.
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target | context | accuracy | accuracy accuracy
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1 1 0.5000 0.7602 0.6904
2 1 0.5000 0.7022 0.6683
all 1 0.5000 0.6866 0.6671
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1 1 0.6441 0.6360
2 1 0.6279 0.6247
all 1 0.6465 0.6348
1 2 0.6213 0.6370
2 2 0.6250 0.6391
all 2 0.6492 0.6600
1 all 0.5926 0.6464
2 all 0.5954 0.6580
all all 0.6971 0.6946
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