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Research for agent-oriented stream processing for on-line data analysis

Ryosuke YAMADA
Supervisor: Tetsuo KINOSHITA, Research Advisor: Kazuto SASAI

As network devices increase in recent years, it becomes more important to extract useful infomation from
large-scale data collected from these devices. For efficient data processing in distributed computers, stream
processing is developed, which adressses data as data stream, and data processing as chain of small data
processing component. But constructing stream processing is hard work. In order to solve this problem, we

proposed agent-oriented stream processing framework, which helps constructing strem processing.
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