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with Generative Adversarial Networks

Yashio Kabashima

Supervisor: Ayumu Shinohara,

Research Advisor: Jinhee Chun

Publishing learning model is one of important topic in machine learning era. However there are several problems
such as specifying privacy information or rejection of providing privacy information. Then, privacy preserving is
significant to overcome these problems. While a lot of researchers study privacy protection, there are few studies on
image dataset. This is because of the huge decline of accuracy on learning model. Therefore, we reconsider the
definition of privacy protection and suggest to maintain learning accuracy on protected image dataset with
Generative Adversarial Networks. Finally, we confirm the quality of learning model which we suggested from

experiments.
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3.2. PPML with ACGAN
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3.3. PPML with DCGAN and Classifier
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2006
2) Odena et al. Conditional image synthesis
with auxiliary classifier gans. ICML, 2017
3) Radford et al. Unsupervised representation
learning with deep convolutional generative
adversarial networks. ICLR, 2016





