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A Study on Pronunciation Learning System Based on Automatic English
Pronunciation Evaluation Using Sentence Pronunciation Difficulty

Satsuki NAIJO
Supervisor: Akinori ITO

A system for learning pronunciation is called CAPT system. Among these systems, an interactive CAPT system,
which allows learners to learn pronunciation interactively with a computer. In conventional interactive CAPT
systems, there has been insufficient analysis of how the system evaluates the learner’s proficiency by the system’s
evaluation scores. The accuracy of the automatic English pronunciation evaluation used in the system also remains
an issue. In this study, we first investigate an automatic English pronunciation evaluation method. In addition to the
machine scores obtained from speech recognition systems, the pronunciation difficulty score obtained from the
pronunciation difficulty estimation system is also used to improve the evaluation accuracy. We found that the
correlation coefficient improved by up to 0.11. Then, we constructed an interactive CAPT system and we conducted
experiments by varying the pronunciation difficulty of the sentences and analyzed trends in evaluation scores by the
pronunciation difficulty. We revealed difficult sentences tends to get the evaluation score lower.
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