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Research on the Example-based Dialogue System
Using Sentence Vectors with Additive Compositionality

Ryota YAHAGI
Supervisor: Akinori ITO

An example-based dialogue system is sometimes used, in which the dialogue is based on a set of
example-response pairs, where the input is assumed by the developer and the response is set. While neural-based
response generation can generate flexible responses due to the generalization capability of neural nets, it is difficult
for the developer to design what kind of response should be made to the input. we proposed a response generation
method using the additive compositionality of sentence vectors to generate sentences based on examples as an
extension of the example-based dialogue system, and a response generation method using machine learning to
ensure sentence generation based on a response of an example. This study suggests the possibility of realizing a
dialogue system that generates responses based on examples.
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A woman is standing. 1.0 of woman does that for a while.

— A man is standing. 1.2 and woman does that for a while.
+ The man does that for a while. 1.6 and woman does that for a while.
(The woman does that for a while.) | 2.5 the woman does that for a while.
A woman was standing. 1.0 they woman does that for a while.
— A man is standing,. 1.2 of woman did that for a while.
+ The man does that for a while. 1.6 of woman then that for a while.
(The woman did that for a while.) 2.5 it woman newly that for a while.
Were you hungry? 1.0 went am notangry.

— Are you angry? 1.2 | were am not angry.

+ I am not angry. 1.6 i was not hungry.

(I was not hungry.) 25 | knew was night dessert.
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BLEU incl. Err | BLEU exc. Err

Model Corpus | LR ex sim ex sim
Example - - 100.0 | 32,14 100.0 | 32.14
Vanilla - - 26.66 | 11.29 | 30.15 | 12.77
A de-4 | 6.87 7.74 11.95 | 13.47

Cale . 4e-5 | 11.10 10.49 18.58 | 17.55
4e-4 | 23.62 | 23.40 | 24.29 | 24.07

Balanced —

4e-5 | 2295 | 20.31 27.15 | 24.03

All de-4 | 16.60 16.43 | 20.89 | 20.67

Cat 4e-4 | 12.14 12.01 22.25 | 22.03
Balanced 4e-4 | 27.36 | 23.96 | 28.36 | 24.83

4e-5 | 28.99 | 26.03 | 33.53 | 30.10
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