—204— 3RTTAETD 720 DB E & 72 sz 2125 2 %

B fmm e (F44E3 H)

3TTLEITLD 728 DIRIEEE = N ALK BRERIC B § B 5%

AR
fEEHE  HA EX

Outlier Removal Using Deep Learning for 3D Reconstruction

Hikaru SUZUKI
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Multi-View Stereo (MVS) is a technique to reconstruct the 3D point cloud of an object from multi-view
images. The reconstructed 3D point cloud includes outliers due to matching errors around object boundaries
and in low-textured regions. In this paper, we propose an outlier removal method using deep learning. A
hierarchical neural network is trained to classify a 3D point cloud into outlier or not with the original loss
function. We also consider the density of 3D point clouds in color space to remove outliers. Through the
experiments using the public dataset for MVS, we demonstrate that the proposed method exhibits more

efficient performance than the conventional method on outlier removal.
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