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Demand for character recognition has increased in recent years. In the background, there is a widespread use of
smart phones and other devices, and a growing shortage of labor. However, character recognition includes some
difficult tasks. One of them is the character recognition with a large number of variants which is commonly found in
Japanese and Chinese. Recognition of these characters requires a lot of computation. To address the task, Hierarchical
Overlapping Clustering (HOC) with Linear Discriminant Analysis (LDA) was proposed. The method is a for
candidate reduction using a binary tree dictionary. In my study, a new candidate reduction method based on the HOC
is developed by combining some leaf nodes that have been traced multiple times under different conditions in order
to achieve more efficient candidate reduction. Experimental results show that the coverage is improved from the
previous 97.4% to 97.6% and speedup ratio is improved from the previous 6.8 to 7.3.
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